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The Missing Internal Devaluation

I Internal devaluation – rebalancing mechanism in currency area

I (labour mobility and fiscal transfers)

I Price, wages and employment responses to asymmetric demand
(house prices) shocks across US Metropolitan Statistical Areas (MSAs)

House Prices Shocks =⇒

{
Wealth Effect
Borrowing Constr.

=⇒ . . .

=⇒ Local Demand =⇒


Prices
Wages
Employment
...

I Differential effect on traded/non-traded (goods/services) sectors
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This Paper

I Multi-country NK model tradable/non-tradable

I Panel data IV regression

∆yi,t = κi + τt + β∆hpi,t + θXi,t + εi,t

I Cumulative inflation 2008-2011
I BAE Regional Parity Dataset for 266 MSAs
I Identification from cross-sectional variation in house prices
I IV regression, housing supply elasticity as instrument (Saiz, 2010)

6 : 3/15



This Paper

Key Results:
I relative price of goods falls (not significantly)
I relative price of services rises (significantly)
I no adjustment in wages (manufacturing/services/distribution)
I no responses in markups (labour shares)

(1) Lack of connection between the slack and wage and prices during the
Great Recession (not only over time but also) across US locations

(2) Puzzling result for services!
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Comment 1

Important question....

Europa, de te fabula narratur
Thoughtful paper!
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Comment 2: Related Literature

Mian and Sufi (2014)
I Job losses in the non-tradable sector

X

I No correlation with tradable sector

X

I No response of wages

X

I Little evidence of labour mobility

X

Stroebel and Vavra (2016)
I Local retail prices (of tradable good) respond to house-price-induced
local demand shocks

7

I ... via an increase in markups

7

What does explain the differences?

I General vs partial equilibrium?
I Noise in macro data or coarse aggregation?
I ...
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Comment 3: Local PCs in Currency Area

I Is a multi-country trade model the right one?
I Movements of population?
I Fiscal transfers?

I Are there other channels?
I Are commercial properties a production input? (in services?)
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Comment 4: The Instrument

Supply shocks?
I Shock to firms’ collaterals hence borrowing constraint
I ... higher marginal costs but no reason to correlate with
tradable/non-tradable

I Shock to real estate values/commercial properties rent
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Comment 4: The Instrument

Supply shock?
I Shock to firms’ collaterals hence borrowing constraint
I ... higher marginal costs but no reason to correlate with
tradable/non-tradable

I Shock to real estate values/commercial properties rent
I ... would depress prices above and beyond demand

6 : 8/15



Comment 5: Trends (All Items)
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Comment 5: Trends (Durables)
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Comment 5: Local Price Dynamics – Services

1985 1990 1995 2000 2005 2010
Time

100

150

200

250

300

350

Se
rv

ice
s

New York-Northern New Jersey-Long Island, NY-NJ-CT-PA
Philadelphia-Wilmington-Atlantic City, PA-NJ-DE-MD
Boston-Brockton-Nashua, MA-NH-ME-CT
Pittsburgh, PA
Chicago-Gary-Kenosha, IL-IN-WI
Detroit-Ann Arbor-Flint, MI
St. Louis, MO-IL
Cleveland-Akron, OH
Minneapolis-St. Paul, MN-WI
Milwaukee-Racine, WI
Cincinnati-Hamilton, OH-KY-IN
Kansas City, MO-KS
Dallas-Fort Worth, TX
Houston-Galveston-Brazoria, TX
Atlanta, GA
Miami-Fort Lauderdale, FL
Los Angeles-Riverside-Orange County, CA
San Francisco-Oakland-San Jose, CA
Seattle-Tacoma-Bremerton, WA
San Diego, CA
Portland-Salem, OR-WA
Honolulu, HI
Anchorage, AK
Denver-Boulder-Greeley, CO

US Metropolitan Statistical Areas Price Levels - Services

1985 1990 1995 2000 2005 2010
Time

-0.04

-0.02

0

0.02

0.04

0.06

0.08

0.1

Se
rv

ice
s

New York-Northern New Jersey-Long Island, NY-NJ-CT-PA
Philadelphia-Wilmington-Atlantic City, PA-NJ-DE-MD
Boston-Brockton-Nashua, MA-NH-ME-CT
Pittsburgh, PA
Chicago-Gary-Kenosha, IL-IN-WI
Detroit-Ann Arbor-Flint, MI
St. Louis, MO-IL
Cleveland-Akron, OH
Minneapolis-St. Paul, MN-WI
Milwaukee-Racine, WI
Cincinnati-Hamilton, OH-KY-IN
Kansas City, MO-KS
Dallas-Fort Worth, TX
Houston-Galveston-Brazoria, TX
Atlanta, GA
Miami-Fort Lauderdale, FL
Los Angeles-Riverside-Orange County, CA
San Francisco-Oakland-San Jose, CA
Seattle-Tacoma-Bremerton, WA
San Diego, CA
Portland-Salem, OR-WA
Honolulu, HI
Anchorage, AK
Denver-Boulder-Greeley, CO

US Metropolitan Statistical Areas Inflation Rates - Services

6 : 11/15



Comment 6: Energy Prices
Coibion and Gorodinichenko (2016)
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Comment 7: The PCs is hard to spot!

“Inflation is characterized by an underlying trend that has been essentially
constant since the mid-1990s; . . . . Theory and evidence suggest that this
trend is strongly influenced by inflation expectations that, in turn, depend
on monetary policy. In particular, the remarkable stability of various
measures of expected inflation in recent years presumably represents the
fruits of the Federal Reserve’s sustained effort since the early 1980s to
bring down and stabilize inflation at a low level. The anchoring of inflation
expectations . . . does not, however, prevent actual inflation from fluctuating
from year to year in response to the temporary influence of movements in
energy prices and other disturbances. In addition, inflation will tend to run
above or below its underlying trend to the extent that resource
utilization–which may serve as an indicator of firms’ marginal costs–is
persistently high or low.”

— Janet Yellen, 60th Boston Fed Conference
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Comment 8: The PCs is hard to spot!
Hasenzagl et al (2017)
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I φuom, φspf , and φπ are set to 1 over the standard deviation of the
difference of the variable.

I The shocks to all unobserved components are orthogonal.
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